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ABSTRACT
This poster will analyze a particular set of water samples randomly collected from locations in Orange County,
Florida. Thirty water samples were collected and had their chlorine level, temperature, and pH recorded. A
linear regression analysis was performed on the data collected with several qualitative and quantitative
variables. Water storage time, temperature, time of day, location, pH, and dissolved oxygen level were
designated as the independent variables collected from each water sample. All data collected was analyzed
through various Statistical Analysis System (SAS®) procedures. A partial residual plot was used for each variable
to determine possible relationships between the chlorine level and the independent variables. Stepwise
selection was used to eliminate possible insignificant predictors. From there, several possible models for the
data were selected. F tests were conducted to determine which of the models appears to be the most useful.
There was an analysis of the residual plot, jackknife residuals, leverage values, Cook’s D, PRESS statistic, and
normal probability plot of the residuals. Possible outliers were investigated and the critical values for flagged
observations were stated along with what problems the flagged values indicate.

METHODS
A Linear Regression model will be performed on the data collected with several qualitative and quantitative
variables. Sample storage time, temperature, time of day, location, pH, and dissolved oxygen level will be the
independent variables collected from each water sample. Water age refers to the amount time between when
the water leaves the treatment plant and reaches its point of extraction. The sample storage time variable will
be counted as the number of hours between water sample collection and chlorine level reading. For this
particular analysis, water age will be ignored and sample storage time will be used instead. The time of day
variable will be recorded as the number of minutes since noon. The location was recorded as the Eastern,
Western, or Northern water treatment plant of Orange County, FL from which the water for sample came from.
Two dummy variables will be created, E and W, to represent when the sample was taken from each of the
treatment plants. Partial residual plots will be used to determine possible relationships between the chlorine
level and the independent variables and stepwise selection to eliminate possible insignificant predictors. From
there, several possible models for the data will be selected. F tests will be conducted to determine which of the
models appears to be the most useful. There will also be an analysis of the residual plot, jackknife residuals,
leverage values, Cook’s D, press statistic, and normal probability plot of the residuals. Possible outliers will be
investigated and the critical values for flagged observations will be stated along with what problems the
flagged values indicate.

In the interest of obtaining a better understanding of what variables affect the levels of chlorine in the water,
this paper will analyze a particular set of water samples randomly collected from locations in Orange County,
Florida. Thirty water samples will be collected and have their chlorine level, temperature, pH, and dissolved
oxygen level recorded. The chlorine levels will be read by a LaMotte Model DC1100 Colorimeter and will output
the amount of chlorine in parts per million (ppm). This colorimeter will read the total chlorine of the sample,
including both free and combined chlorine levels. In this research the variable of interest is the chlorine level of
the water for Orange County, FL.
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GETTING THE DATA INTO SAS
The first step is to correctly get the data into SAS. The
first variable read in is Location for the treatment
plant, which the water sample came from. A number
one was used to represent water samples from the
Eastern treatment plant of Orange County, a number
two was used to represent water samples from the
Western treatment plant of Orange County, and the
number three was used to represent water samples
from the Northern treatment plant of Orange County.
The next variable read in is Time, for the time of day
the sample was collected recorded as the number of
minutes since noon. After that the storage time of the
water sample, Storage, will be read in as the number of
hours between collection and testing of the sample.
The temperature of the water sample at time of
sampling in degrees Celsius, Temp, is read in following
Storage. The pH of the water sample is then read in
with the typical 0-14 scale. The dissolved oxygen, in
percent, of the water sample, DO, is read in after the
pH variable. The last variable read in is the chlorine
level, in ppm, under the variable name Chlor. An if-else
statement is then used to create a dummy variable, E,
for those samples from the Eastern water treatment
plant. Another if-else statement is used to create a
second dummy variable, W, for those samples from the
Western water treatment plant.

DATA Chlorine;
INPUT Location Time Storage Temp pH DO Chlor;
if Location=1 then E=1;
else E=0;
if Location=2 then W=1;
else W=0;
DATALINES;
1 15 0 22.19 7.84 7.50 0.83
3 105 0 23.94 7.97 10.13 0.89
2 120 0 23.64 8.02 8.04 0.68
3 135 0 28.02 8.01 7.63 0.44
1 150 0 26.42 7.97 6.85 0.67
2 165 0 29.19 7.96 7.40 0.50
3 210 0 17.44 8.03 9.42 0.34
2 255 0 15.43 8.10 8.86 0.09
1 240 1 24.56 7.99 6.68 0.24
3 360 2 24.88 8.01 5.84 0.37
1 300 3 19.93 7.91 6.45 0.06
3 0 3 21.20 7.94 6.50 0.93
2 255 4 23.09 7.41 8.68 0.22
2 270 4 23.04 7.84 8.80 0.35
2 180 5 20.80 7.57 9.06 0.30
...(More data in here)*
3 360 24 22.00 7.51 8.46 0.00
;
RUN;

FINDING THE BEST MODEL
Through the stepwise selection method, the best model for this particular data will be chosen. Stepwise,
backward, and forward selection will all be used to see if they all select the same model. In order to do so,
PROC STEPWISE will be used. For this to work properly the model must have the dependent variable, Chlor, in
this instance, set equal to each independent variable for which the user wants to include in the model. The
model is followed by a forward slash and the options of the type of model selection the user would like. For
this analysis, forward selection, backward elimination, and stepwise selection will be used, which means
forward, backward, and stepwise must be included in the options.
PROC STEPWISE;
MODEL Chlor = Time Storage Temp pH DO E W / forward backward stepwise;
RUN;
The forward selection chose the model containing the storage
time, time of day, temperature of the sample, both dummy
variables and pH. The variable DO was the only variable dropped
from the complete model. From this table in the output, we can
see the p-values for each one of the selected variables. Each has a
p-value below an alpha of 0.10 except for the pH variable, this is
because the forward selection uses an alpha of 0.50.
This summary is telling the user what variables were eliminated
from the model. Therefore, the model that backward elimination
chose contains time of day, storage time, temperature of the
sample, and both dummy variables.

Through the stepwise selection the model containing the storage
time, time of day, temperature, and location dummy variables
were selected. This is the same model that was chosen by
backward elimination. Stepwise selection compares each
variable’s p-value to an alpha of 0.15, which is why pH and DO
were also eliminated from this model.

To Hydrate or Chlorinate:
A Regression Analysis of the Levels of Chlorine in the Public Water Supply
Drew A. Doyle
The University of Central Florida
ANALYZING THE CHOSEN MODEL
In order to see if this model is useful we
must check and analyze the conditions
necessary for this to be true. A global F test
will be done to see if the model is deemed
useful. We will also investigate residual
plots, jackknife residuals, leverage values,
Cook’s D, PRESS statistic, and normal
probability plot of the residuals. Possible
outliers will be flagged based on these
findings. We will also look into any problems
with collinearity between the variables. This
will all be done using the following code.

PROC REG;
model Chlor = Time Storage Temp E W / partial influence VIF;
output out=new cookd=cook rstudent=jack h=lev r=resid;
RUN;
PROC PRINT data= new;
RUN;
PROC UNIVARIATE normal plot;
var resid;
RUN;
PROC CORR;
var Time Storage Temp E W;
RUN;

F TEST

PREDICTION QUALITY

Through PROC REG with the previously selected
model one is able to perform a global F test on the
model to test its significance.

Through PROC REG with the previously selected
model one is able to compute the mean square error
and R-square values of the model to see how well the
model predicts values.

This proposed model was deemed significant at an
alpha of 0.01 with an F value of 9.54.

We expect about 95% of chlorine levels to fall within
0.3596 ppm of the fitted regression equation. This
model explains 66.5% of the observed variability in
chlorine levels. This model also explains 59.6% of the
observed variability in the chlorine levels after
adjusting for the sample size of 30 and the 5 variables
in the model.

PARAMETER ESTIMATES

PRESS STATISTIC

Below are the parameter estimates of the chosen model.

It is ideal to have a small PRESS statistic value and in
this particular case the PRESS statistic is 1.20. The
PRESS statistic is similar to the R-square value in
respect to saying how well the model explains the
observed variability.

 As the amount of minutes since noon increases, the
estimated mean chlorine level decreases by
0.00108 ppm.
 As the number of hours between sample collection
and testing increases, the estimated mean chlorine
level decreases by 0.01587 ppm.
 As the temperature of the water increases, the
estimated mean chlorine level increases by
0.024442 ppm.
 If a sample was from the eastern region, the
estimated mean chlorine level is 0.180007 ppm
less.
 If a sample was from the western region then the
estimated mean chlorine level is 0.21980 ppm less.

VIF
The variation inflation factor
was attached to the previous
table for the parameter
estimates. Small Variance
Inflation Factors for all
variables in the model, which
tells us that there are no
problems with collinearity
between the independent
variables.
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OUTLIERS

RESIDUAL PLOTS

We want to test to see if the residuals are normally distributed. Using PROC UNIVARIATE we can look at the
plots of the residuals and hypothesis tests for normality.

Using PROC REG we can also check for possible
outliers. This code is using an output option to extract
and rename the output of interest for analyzing
residuals.

……..

There were no observations that were flagged as
possible outliers with respect to the dependent or
independent variables.

The normal plot of the residuals has a straight-line
appearance. The plot of the residuals versus
chlorine level has a vertical band appearance, as do
the plots of the residuals versus the independent
variables. We conclude that the regression
assumptions approximately hold for the most part
with the chlorine model.

PEARSON CORRELATION COEFFICIENTS
Another method to check for any collinearity between the variables is by using PROC CORR to create a
correlation matrix.
Each box gives the correlation coefficients between the
two variables and below it the corresponding p-values.
A small p-value tells us that the variables are correlated
with one another. The following variables are
significantly correlated with one another: Time and
Storage, East and West. Time and Storage could affect
each other due to the fact that it was easier for a
sample to have a long storage time when it was
collected early in the day. This may be something to fix
if further data collection is done.

NORMALITY

According to both the Shapiro-Wilk and KolmogorovSmirnov tests for normality, we can say the
distribution of the residuals is normal. Both produce
a test statistic with a p-value greater than an alpha of
0.15, which means we cannot reject the null
hypothesis that the residuals are normally
distributed.

We next look at the histogram and box plot of the
residuals to check for normality. We can see that
both are approximately normal. The points on the
normal quartiles chart should form a linear shape.
The points do form a mostly linear shape in the
graph above.

CONCLUSION
Most of the assumptions for the regression analysis held for this chlorine model. Based on the data and analysis,
there was a negative correlation between when a water sample is collected later in the day and the total chlorine
level. Overall, there is a positive correlation between a water sample’s temperature and the total chlorine level.
There is a negative correlation between a water sample’s storage time and the total chlorine level. The western
region contains, on average, the least amount of chlorine in comparison to the eastern and northern regions. The
northern region contains higher chlorine levels than the western and eastern regions. Further analysis on the data
must be done in order to establish a possible cause and effect relationship between the independent and
dependent variables. There was no testing of the interaction of the independent variables, which could explain
some of the results.
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FUTURE RESEARCH
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