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INTRODUCTION TO DEBT COLLECTION THE PROCESS
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American households by returning an
average savings of $479 per household
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The recovered $55 billion is actually only \  Payment?
about a third of the total outstanding debt! Getting in to the analytics side of this, a desired analytics process is one | -
that will equip the collections agency with insights into basic questions

DATA like “What are the chances this customer will pay?”, “When is the right

— time to collect from this customer?”, “How much should be collected
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from this customer?” etc. With this in mind, aim of predictive models
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/*NOTES* /
SAS CODE: KS Statistic & Plot

DAYS SINCE DELINQUENT = ODS GRAPHICS ON:
INTCK PROC NPARIWAY EDF DATA=LIB.DATASET;
("DAYS™, DATEPART (DELINQUENCY DATE), DATEPART (CHARGEOFE DATE)) CLASS PAYER FLAG ;
+ 1; VAR ADDRCHANGECOUNTO1l CTR3P2E;
OUTPUT OUT = LIB.OUTPUT (KEEP = VAR KS D );
® - i ™ - -
SAS® Enterprise Miner™ Workflow Sample RUN ;
EM_SET EM_SET | Use Frozen Tree No
Use Multiple Targets No
L&f(-] Impute ' EM_SET E g’ Data Partition ‘ Predsion 1{"4 |
F ) - ) > isi ) -Interval Criterion ProbF & g
Gl versabi g e i — ‘ - ?iﬂomina] Criterion ProbChisq N
= B = = — [, 1mpute -brdinal Criterion Envopy
=2 Data Partition = Data Partition E””"": Data Partit Sign|ﬁcance Level lD. 2
17 Regressio Neuraeretwork e D actian Tran | X* Tree Rg n :'w_lSSl-ng Vah'_,es 'LUSE in search :
e &o:ao J e .Use Input Once l\]o 7 400 00 f:sBPEE 700 800 0.0 03 10 addmha;s.i cccccc 20
Maximum Branch 2 pfes ‘ ° pfas ‘ °
<23 cozemble Maximum Depth [15
b [] 7 -}4inimum Categorical Size 5 * APPLICATION
-Split Precision I
I JL
S Mode! N -Leaf Size 5 |
momparien -Number of Rules . 5 _ I'"-.-"IPD[Ii:. |
Number of Surrogate Rules 0 ode Skip i i
| -Split Size ! [ Legal } ‘ [ Tracing ‘ File Suit
| Ispitsearch ,_ —
Use Decisions No Iming ‘
fiJse Priors jNo 1 Model ‘
Exhaustive 5000 | ) .
-Node Sample 20000 .
| s — Amount Non-tegal | m| | oo ool | commet
Method Assessment Model entre ! ampa Ignj ampaign
. ALARH -Number of Leaves 1 | P -
n jﬂ[ I Assessment Measure Average Square Error |
[ I Assessment Fraction 0.25 Sell
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